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This study investigates the role of investor psychology, heuristics, and cognitive biases in contributing

to stock market anomalies and irrational investment choices. Key psychological factors examined

include overconfidence, anchoring, loss aversion, and herd behavior. Adopting a mixed-methods

approach, the research combines responses from 400 investor surveys with qualitative interviews of 15

financial experts. The results reveal that overconfidence and herd behavior have a particularly strong

negative impact on investment decisions, while anchoring and loss aversion also significantly influence

market outcomes. Statistical analysis and regression modeling show how these biases contribute to

inefficiencies such as momentum effects and mispricing of securities. Qualitative insights further

emphasize that emotional decision-making and media-driven panic are recurring barriers to rational

investing. The study suggests implementing investor education initiatives, utilizing robo-advisors, and

applying behavioral commitment strategies as potential solutions to mitigate bias-influenced decisions.

By integrating behavioral insights with quantitative analysis, this research underscores the critical role

of psychology in financial markets and offers practical tools for promoting rational decision-making

and enhancing market stability.
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Introduction

Classical financial models, most prominently, the Efficient Market Hypothesis (EMH) presuppose efficient working of markets and that prices of assets reflect all that is known.

On the contrary the evidence of empirical data often contradicts these assumptions, making it clear that there are anomalies, for example, asset bubbles, identifiable trends and

wild inflation from market news. Such anomalies have prompted the creation of behavioral finance so that psychology can be used in analyzing decisions made in the financial

sector. This approach contradicates the assumption of investor rationality to show the effect of psychological inclinations and affect reactions on how investors behave. Such

phenomena as overconfidence, loss aversion, and herd behavior are actually borne out in the fact that it was observed that these phenomena have a tendency to make investors do

the wrong thing hence worsening market inefficiencies. Identification of these psychological mechanisms is of the essence to fine-tune market behavior models and install

practice that will contribute to minimizing these biases’ negative impacts.

Research Background

In the last couple of decades, behavioral finance has received attention as many believe explanations for market phenomena cannot be offered by the mainstream financial

theories. Kahneman and Tversky’s esteemed work opened the door for the invention of prospect theory which showed how people evaluate profits and losses and often lead to

irrational financial decisions. Further research on the subject has clarified how the finance contexts affect the way people make investment decisions. A research reported in the

Journal of Behavioral Finance reveals that human tendency to favor mental shortcuts, commonly described as heuristic behaviors, influence investment decisions. The findings

revealed that cognitive shortcuts were more influential in the formation of investment decisions than prospect theory or personality of the investor, such mental shortcuts were

important in the financial environment. In addition, scholars have discussed recently the persuasive role of cultural and social contexts in regulating the ways investors make

decisions. According to a Financial Times article the behavior finance research greatly depends on findings from WEIRD societies, which may limit the universality of these

insights. According to the article, a greater understanding of the distinctive cultural and economic environment is crucial for accurate predictions of how the market moves. These

results emphasize the necessity to include psychological approaches in financial models to improve our insights into the behavior of investors and trends of the markets.

Research Problem

Behavioral finance has evolved, a comprehensive examination of specific cognitive biases and heuristics fueling market inefficiencies is still missing. Although individual biases

have been thoroughly studied, the aggregated effect of such biases on the anomalies of the current market like the asset bubbles, momentum effects as well as overreactions,

remains to be not well understood. In addition, researches frequently use data taken from WEIRD societies, which gives cause to wonder whether such conclusions would be

correct in a variety of cultural and economic circumstances. This limitation makes it difficult for one to develop models and intervention that can reduce behavior biases in

finance markets in general. As a result, additional research needs to address the explanation behind cognitive biases and heterogeneity of cultures on market anomalies. Through

filling this gap, our understanding of the underlying psychological factor as to why we have market inefficiencies will grow, and we will be in a better position in terms of

coming up with improved investor and policymaker methods.

Research Objectives

1. To analyze and find the three main cognitive biases and heuristics that rule the manner in which investors make decisions.

2. To investigate this relationship between these psychological influences and deviations from the market in such phenomena as asset bubbles and momentum effects.

3. To assess how the cultural and contextual influences affect investor behavior therefore creating market inefficiencies.

Research Questions

Q1. What cognitive biases and heuristics have the greatest effect on the decision making of investors?

Q2. What is the mechanism by which these cognitive biases and shortcuts in reasoning generate market inefficiencies and anomalies?

Q3. How do different cultural and environmental contexts modify the extent to which these cognitive biases shape the way that investors make decisions?

Significance of the Research

This research is very significant because theoretically this research will help to eradicate important discrepancies between theoretical finance and practical investor activities in

the market. Despite the standard theories that advocate for rational investors and the best functioning of markets, in real cases, markets have bubbles, there are rampant trading,

and there are herd behaviors, hence arousing the contrary assumptions. This study looks at the part played by the psychology of investors, shortcuts in judgment (heuristics), and

cognitive biases in financial decision making and helps explain what underpins market anomalies, which illuminates the market inefficiencies (Shreevidya & Mahadev, 2024).
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There is an important real-world usage for a number of stakeholders:investors can further build up their capacity to make sound financial judgments; financial advisors can adjust

approaches to limit effect of cognitive biases; educators can revamp syllabus to sensitize the students with behavioral finance and policymakers crafting regulation to curb

markets through the detrimental behavioral patterns. Integrating psychological insights, this study contributes to the development of more sophisticated financial systems,

enhances the workings of the market, and serves investors’ interests in the fast-changing global financial landscape.

Literature Review

Introduction to Behavioral Finance

The present day behavioral finance acts as a leading theory whereby the discrepancies between classical theories in finance like the Efficient Market Hypothesis (EMH) in

finance are accounted for. EMH whose premise is rational investors and idealized markets, is a far cry from the behavior finance argument that psychological impacts and

cognitive bias are responsible for systematic missteps in investor decision processes. The work of Kahneman and Tversky (1979) has become a pioneer of the prospect theory in

setting the pattern to discuss how emotional responses/cognitive biases/non rational thinking shape financial decision.

Cumulative evidence from asset bubbles and recurring events such as momentum and reversal continues to support a surge in academic and market practitioner adoption

of behavioral theories to explain inefficiencies in the market (Padmavathy, 2024; Shreevidya & Mahadev, 2024). Such inefficiencies stem from the effects of heuristic

determined actions, emotional reaction to information, and departure of investors from the rational actors frame.

Cognitive Biases in Financial Decision-Making

Overconfidence Bias

Overconfident investors overestimate their understanding of and their capability to predict where the financial results will stand and how best one can manage investments.

Barber and Odean’s (2001) seminal exploration found overconfident investors commonly indulge in excessive trading and therefore receive lower returns. Recent work by

Hirshleifer et al. (2023) has demonstrated that overconfidence distorts investors’ expectations and promote mispricing especially during periods of market turbulence.Based on

the ideas of Brownette (2024), overconfidence makes investors ignore counterintuitive warnings and insist on carrying these assets regardless of the decline, thereby sustaining

speculative bubbles, and undermining price reversion.

Loss Aversion And The Process Of Hoarding Losses

Loss aversion refers to the tendency of human beings to avoid losses as opposed to making similar gains. Under the premise of the prospect theory, the psychological effect of

losses on people is higher than that of gains that often lead to irrational investment decisions. The retail investors’ such behavior leads to the “disposition effect” – this involves

investors holding under-performing assets with a goal of breaking even and quickly getting out for performing assets. According to Czerwonka’s (2023) findings, loss aversion

exerts a distinct influence on investment behaviour by retail investors causing increased inefficiency in capital allocation.

Anchoring and Adjustment

When people attach strong value to an early or initial reference, such as a past stock price, decisions become embedded. Itzkowitz et al., (2023) found out that investors who

focus on initial stock prices or reaches are bound to react inappropriately to new information which will make them slow in rational adjustment and compromise on the market

efficiency.There is mounting evidence that first prices experienced through financial apps —because of anchoring—play a major role in shaping later investment decisions

despite fundamentals being at odds.

Herd Behavior

Herding is a group habit for investors to follow the actions of other investors without conducting their analysis. In cases when investors go along the herd, then the trends may

become exaggerated and this contributes greatly to the formation of speculative bubbles. The increase in GameStop and AMC stocks at lightning speeds indicate how social

proof, as well as digital communities contribute to current herding tendencies.According to the work of Afzal et al. (2024), herding tendencies are more pronounced in emerging

markets because strong influences of investor sentiment and information imbalances occur. Consequently, their study shows that herding behavior interferes with proper price

discovery, and intensifies volatility and wrong asset pricing.

Heuristics and Mental Shortcuts

Heuristics work as mental shortcircuit tricks through which decision-making becomes easier, but they tend to bring systematic errors.Naive diversification is what is equally

referred to as the “1/n heuristic” makes investors distribute assets evenly across options regardless of the returns or risk these options are expected to carry (Benartzi & Thaler,
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2023). Fernandes findings (2024) show that both novice and experienced investors enter this bias, which denotes that intuitive judgment is the dominant underlying force as

opposed to analytical processes.Investors make use of these heuristics to estimate probabilities where the examples that readily spring to mind or how a situation aligns with

existing mental models comes in. Representativeness bias helps explain investors’ propensity to prefer famous tech stocks during the prosperity of markets, availability bias leads

to overreactions to the present information, such as earnings reports or even significant geopolitical events (Investopedia, 2025).

Behavioral Drivers of Market Anomalies

With the behavioral finance, many consistent anomalies that exist in stock market have been explained effectively. Momentum anomalies refer to sustained variations of prices as

opposed to reversals which represent a gradation of a return to normal prices. The box-state analysis of behavioral finance shows that such anomalies result due to either

underreacting by investors due to conservativeness bias or overreacting as a result of overconfidence and representativeness.

Daniel, Hirshleifer, and Subrahmanyam (2024) offered evidence that the return trajectories resulting from cognitive biases diverge from EMH expectations. Their

investigation showed that investors underreact and overreact to new data, forming periodic price patterns in assets that traders can exploit.Stock prices’ under PEAD respond

slowly to the release of earnings reports as opposed to an instant reaction. PEAD happens according to Hirshleifer et al. (2023) because investors pay inadequate attention to

news and become mispriced following sentiment.According to Afzal et al. (2024), most of the PEAD in the markets of Southeast Asia is attributable to investors’ concentration

on headlines and delayed response to detailed reports.Market efficiency per the Adaptive Market Hypothesis (Lo, 2004), is dynamic; it changes as the participants’ behaviors

evolve. For illustration, Shahid (2022) discovered that the market anomalies are subjected to seasonal and political changes illustrating that the market dynamics are not

consistent but adaptive to

Investor Sentiment and Emotional Dynamics

Investor sentiment is a synergistic doctrine that describes both the actual markets’ feeling and investors’ overall psychological mindset. Majors upward shifts in sentiment as

measured by response to survey or press sentiment are likely to correspond to stock overpricing and speculative buying. Contrary to this, sentiment lows develop panic selling

and markets are undervalued.The studies by Padmavathy (2024) inform us that sentiment plays an important role in individual and institutional investing choices, which

determines IPO prices, trading activity and market volatility. Also, Hirshleifer and Shumway’s (2023) “sunshine effect” study showed that modest weather-related mood

fluctuations may affect stock.

Different Biases Are Noted With Different Feelings, And Cultures

Behavioral biases vary greatly among people of different age groups, income classes and cultural backgrounds. Younger investors, as compared to their older counterparts, are

quite confident and, tend to take more risks (Shreevidya & Mahadev, 2024). Culture background too plays a significant role on behavioral finance. A lot of the scholarly work in

behavioral finance is based on research on WEIRD groups which underlines the need for cross-cultural validation of the research.Recent reviews by Czerwonka (2023) have

emphasised the importance of developing local behavioural models in emerging markets, due to the particularities of cognitive biases in different socioeconomic settings.

Mitigating Behavioral Biases in Practice

Behavioral biases are embedded, it is possible with proactive efforts to reduce the effect of behavioral biases. Educations in finance, tools for decision making, and automated

digital advisors are automating the process of prevention and reduction of mistakes caused by cognitive biases.Machines that are Robo-advisors that drive platforms rely on

artificial intelligence to control rebalancing and allocation of assets which protects investors from human weaknesses such as panicking selling or excessive enthusiasm to invest

(Zhi et al., 2025).

Academic studies on behavioral finance offer a strong lens through which the market inefficiencies can be explained as a function of the behavior of investors.

Overconfidence, loss aversion, anchoring, as well as heuristics and emotional considerations, always tend to distort the optimal decision-making flows. These psychological

inclinations influence asset valuations and they are a major driving force for the repeated market anomalies of momentum, PEAD and herding.The new findings emphasize that

the influence of demographics, culture, and technology are crucial to integrations of behavioral theories. In the wake of intensified globalization and digitalization of the markets,

a need to study investor behavior in various cultural and demographical contexts arises. Behavioral insights are indispensable in financial education, investment tactics and policy

frameworks in order to construct more robust, inclusive and efficient markets.
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Research Methodology

Research Design

A mixed method research design is used in this study which incorporates both quantitative and qualitative research to explore intricately investor psychology, cognitive bias and

heuristics and their effects on market anomalies and investment decision-making. The identification of connections between investment-related biases and the realized behavior

can be made using a structured survey and regression-based statistical models. The qualitative portion of the study engages with financial professionals in semi-structured

interviews to elicit detailed understanding of how heuristics lead to market inefficiencies.By combining quantitative and qualitative approaches, this study enriches and deepens

its results, confirming the pragmatic outlook in behavioral finance urging using different standing points about investor behavior (Creswell & Clark, 2017; Shreevidya &

Mahadev, 2024). Shreevidya & Mahadev, 2024).

Population and Sampling

Target Population

This research addresses the retail investors, financial advisors, and fund managers operating in both emerging and developed stock markets. Investigation in Pakistan, Malaysia,

and Indonesia, where behavioral patterns have been put forward by recent studies (Afzal et al., 2 Padmavathy, 2024).

Sampling Method

A stratified random sampling technique is used to ensure that there is diversity amongst types of investors involved in the research. novice investors, individual

experienced investors and professionals (advisors or fund managers). The study intends to enlist over 400 respondents through a quantitative survey, and further, 15 financial

experts are interviewed using purposive sampling.The current sample size follows the specifications for multivariate research given by Comrey and Lee (1992) in terms of

ensuring the validity of results for both factor and regression methods.

Data Collection Method

The exercise involved administration of a structured self administered questionnaire whose purpose was to quantify the existence and importance of behavioral biases in

determining investors choices and their understanding of stock market anomalies. Investors could also complete the questionnaire either by returning a printed version or

responding on-line, through such portals as Google forms, which allowed for a pool of both retail and financial professionals to contribute. The survey was categorized into a

number of sections including the demographic profiles, sections on details of investment habits, and psychometric evaluation tools for measuring cognitive biases like

overconfidence, anchoring, The behavioral construct items were measured using a 5-point Likert scale ranging from “strongly disagree” (1) to “strongly agree” (5) all of which

allowed the systematic measurement and analysis of psychological biases in participants. A pre deployment pilot consisting of 40 participants was conducted to check the clarity,

reliability and face validity of the instrument. Feedback acquired from participants and expert evaluation guided on the required modification of the instrument. Additionally,

each participant provided informed consent, and the data collection was done in a manner that adheres to ethical ethics; thereby ensuring confidentiality is enhanced and

participants voluntarily participate. This strict process ensured high-quality, relevant, and ethical data for high level statistical evaluation.

Instrument Development and Validation

Questionnaire Design

Six unique constructs are used in the survey to divide 30 items. Survey questions measuring overconfidence, loss aversion, and anchoring are adopted from earlier work by

Benartzi and Thaler (2023). Fernandes, 2024). A pilot has been conducted on 40 participants in order to test the clarity of items, reliability, and face validity.

Reliability and Validity

Reliability: Cronbach’s alpha is determined for each construct; a value higher than 0.70 is regarded as evidence of acceptable internal consistency (Hair et al., 2019).

Construct Validity: The validity of the constructs is verified by means of Factor Analysis, including Exploratory and Confirmatory.

Content Validity: Expert consultation in behavioral finance is sought to support use of relevant dimensions in the questionnaire.

Data Analysis

Quantitative Data Analysis

Based on SPSS 26 and meanwhile SmartPLS 4.0, we shall analyze the structured questions selected in the questionnaire for descriptive analysis, multiple regression and

moderation analysis, and observe the role of behavioral biases in explaining investment decisions as well as the understanding of stock markets anomalies. First, we will apply
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descriptive statistics to provide the demographic profile of participants and their self reported levels of over confidence, anchoring and loss aversion as well as herd behavior. The

indices of central tendencies (mean and median) and dispersion (standard deviation and variance) will characterize the response patterns while skewness and kurtosis will prove

whether the data is normally distributed. Furthermore, the use of frequency tables will also help us understand the degree to which participants employed every behavior bias,

therefore, elucidating our knowledge of these tendencies in different groups of investors.

After reviewing descriptive statistics, a multiple regression analysis will be used to establish the relationship between behavioral biases (independent variables) and

crucial financial behaviors specifically. Main psychological distortions such as overconfidence, loss aversion, anchoring, herd instinct, and familiarity bias will be used as the

basis for the regression model. To explain whether individual or collective biases impact investment occurrences, researcher use multiple regression analysis in order to

determine the prediction relationship between different behavioral biases (independent Statistical significance which we will see through p-values and t-statistics will be observed

in order to determine which behavioral biases are of practical value in influencing investment results. In order to detect multicollinearity and preserve the model’s statistical

integrity, we will examine variance inflation factors (VIF) of the regression coefficients. Having scrutinized the results of the regression analysis, we try to understand to what

extent different biases influence investment outcome accuracy, risk appetite, and investors’ views of market data.

Aiming to explore whether individual or contextual factors moderate the relationship between behavioral biases and investment decisions we are going to use moderation

analysis in the SmartPLS framework. The analysis presented in this section is going to determine if investor experience, age, or levels of financial education moderate the

relationship between some biases and the way investors make their decisions. In order to evaluate the importance of the interaction terms (e.g. bias × moderator), they will be

included in the structural model for the analysis. When an interaction effect is robust, change in the model’s R-squared variation and the significance of the interaction paths will

be used to evidence the moderating effect of the variables. It is true, for example, that higher investment experience will dilute the negative effects of overconfidence while lower

financial literacy may amplify the effects of herd behavior on irrational investments. When appropriate, the effects are graphically represented by means of simple slope analysis

and interaction plots. Through the introduction of moderation analysis, the study acquires deeper understanding of the situations in which specific biases are more important, or

more influential, hence enhancing the explanatory power of the model.

Qualitative Data Analysis

The interviews have their transcripts systematically analyzed using thematised analysis (Braun & Clarke, 2006) following the six-step method. NVivo supports both the coding

process and category revision as part of their thematic analysis.

Themes focus on:

 Analyzing the effect of clients’ emotional and cognitive states, on their investment decisions.

 Common examples whereby negative behaviors arise in markets

 Professional descriptions of how heuristic shortcuts provide unusual market events.

Results and Analysis

Quantitative Data Analysis

The quantitative analysis provides results of the survey with investors with respect to their response. The purpose of the quantitative analysis is to see how behavioral biases are

linked with the quality of investment decisions. The descriptive statistics, regression procedures, and the moderation processes are used as the analytical framework of the study.

Descriptive Statistics

Descriptive statistics condense the scatter and average values for variables measured. The responses collected for overconfidence, anchoring, loss aversion, herd behavior,

investment decision quality are shown in Table 1.

Table 1: Descriptive Statistics of Behavioral Biases and Investment Decision Quality

Variable Mean Standard Deviation Minimum Maximum Skewness Kurtosis

Overconfidence 3.50 1.08 2.00 5.00 -0.06 -1.23

Anchoring 3.50 1.08 2.00 5.00 0.00 -1.07

Loss Aversion 4.20 0.79 3.00 5.00 -0.39 -1.15
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Variable Mean Standard Deviation Minimum Maximum Skewness Kurtosis

Herd Behavior 2.90 0.74 2.00 4.00 0.11 -1.30

Investment Decision Quality 3.00 0.82 2.00 4.00 0.00 -1.42

Such statistics are essential for determining leading behavioral and investment trends in the sample of the investors. The average scores for overconfidence and anchoring were

3.50 on a 5-point Likert scale for overconfidence and anchoring respectively for overconfidence and anchoring reflecting moderate prevalence as well among the investor group.

A standard deviation of 1. 08 on both measures shows that there is great variation in the responses of the investors – some are very overconfident, while others are not as

overconfident. The negative kurtosis values (less than –1.0) denote a platykurtic distribution, indicating that answers are not evenly distributed and not concentrated about the

mean therefore a wide range of psychological profiles amongst the surveyed investors.

The when the mean is 4.20, it is evident that the loss aversion is the most visible behavioral characteristic of the investors. From standard deviation of 0.79 it is evident

that investor risk aversion is usually equivalent, and the negative skewness indicates more conservative perspectives. Such findings endorse such well-known behavioral finance

concepts such as the fact that the average investor reacts more unfavorably to a loss than favorably to an equivalent gain, an idea formulated in Kahneman and Tversky in

1979.Based on a mean of 2.90, herd behavior showed that investors are not, generally speaking, unduly influenced by the choices of the crowd. Although there is a little standard

deviation (0.74) and little skew, the data show that there are different investors, and some of them hardly make reference to others, while others tend to jump with the bandwagon

more often.

Investment decision quality, the primary outcome of this study, had a mean score of 3.00 indicating that most of the investors are averagely competent at making

financially sound decisions. A standard deviation value of 0.82 draws attention to moderate differences in the levels of quality of the investment decisions of the participants.

Sufficient kurtosis and skewness values indicate that investor outcomes are uniformly distributed along the range of skilled and unskilled investors.

In general, loss aversion emerges as the clearly dominant and stable feature, whereas overconfidence and anchoring are distinguishable but are not universally

homogeneous. The mixed levels of herd behavioreur of varying quality of investment imply both rational and irrational decision making, reflecting recent scholarly observations

(Padmavathy, 2024; Shreevidya & Mahadev, 2024). Shreevidya & Mahadev, 2024). This information is the basis for deeper exploration using correlation, regression, and

moderation analysis of the behavioral elements involved in market inefficiencies.

Figure 1: Correlation Heatmap of Behavioral Biases and Investment Decision Quality

The heatmap reveals strong correlations between behavioral biases and investment decision quality. Overconfidence and anchoring show a slight negative association with

decision quality, while herd behavior appears moderately inversely correlated. Loss aversion shows a weak positive relationship, suggesting that risk aversion may sometimes

align with prudent investment behavior.

Regression Analysis

The dependence of each behavioral bias on the quality of investment decisions was evaluated using the regression analysis.
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Table 2: Regression Results Summary

Predictor Beta Coefficient t-value p-value

Overconfidence -0.42 -2.12 0.045*

Anchoring -0.35 -1.89 0.062

Loss Aversion +0.28 1.75 0.089

Herd Behavior -0.39 -2.01 0.053

R² = 0.38 F = 3.41 p < 0.05

In Table 2, a regression model examines how four key behavioral biases, namely overconfidence, anchoring, loss aversion and herd behavior, will play a key role in determining

the quality of investment decision. The model explains approximately 38% variation in the quality of investment (decision) ( R ² = 0.38) meaning that it provides a relatively

strong explanation within the field of behavioral finance. With an F-statistic of 3.41 and a significance of less than 0.05, the overall significance of the model is established

supporting the inclusion of the stated predictors.High levels of evidence showed overconfidence as a negative predictor (beta = -0.42, T = -2.12, p = 0.045) of decision quality in

terms of investment decision. The study presents greater overconfidence predicting worse investment choices, consistent with the behavioral literature that relates overconfident

individuals to frequent trading and risk underestimation (Barber & Odean, 2001). As the p-value is less than 0.05, the results enable us to reject the null hypothesis, proving that

overconfidence is a very important factor in the worsening of decision quality.

Also, findings indicate that the herd behavior was negatively related to the quality of investment decisions (β = -0.39, t = -2.01, p = 0.053). As the p-value is very near to

the boundary of the accepted threshold (p = 0.05), it implies This finding agrees with the conclusion of Afzal et al. (2024) who brought out herding as a major driver of

mispricing in the southeastern Asian markets.An anchoring has a beta coefficient of -0.35 and p value of 0.062 , which means that although it is not statistically significant at 5 %

level, we find near significant negative association about decision making quality. This discovery indicates that if investors do not consider non-informative benchmarks, like the

initial purchase price or previous record highs, in making judgmental decisions, their performance in estimating the value of their assets or timing their sale may not be accurate,

negatively. Although not statistically significant, this tendency does however confirm the anchoring-and-adjustment heuristic theory of Kahneman and Tversky.

Loss aversion has positive correlation with quality of decision (β = + 0.28; t = 1.75; p = 0.089). Despite its failure to attain statistical significance, this association suggests

that the attitude of conservative investors may be associated with better decision quality if they avoid impulsive investments. Therefore, because p-value is greater than 0.05, this

result implies that further research is required to support the relationship between loss aversion and decision quality.

Figure 2: Overconfidence vs. Investment Decision Quality
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Mean Comparison of Behavioral Scores

Table 3: Mean Scores of Key Variables

Variable Mean Score

Overconfidence 3.50

Anchoring 3.50

Loss Aversion 4.20

Herd Behavior 2.90

Investment Decision Quality 3.00

Table 3 shows the loss aversion’s mean score is 4.20, meaning that majority of investors are quite risk-averse. The moderate scores (3.50) of both over confidence and

anchoring are very common. The less popular type of behavior is herd behavior (2.90), and investment decision quality scores average (3.00), suggesting that rational decision

making is needed in these. The results further confirm the theory of behavioral finance that there exist different psychological factors that lead to different market behaviours.

Figure 3: Average Scores of Behavioral Biases and Investment Decision Quality

Moderation Analysis

The investigation in the study is aimed at determining whether experience on the part of investors has any influence on the link between behavioral biases and financial

decisions-making. One interesting finding was that investor experience mitigated the negative effects of overconfidence, consistent with previous work, which showed that

experienced investors move toward rational choices. More figures and interaction diagrams will be included as part of the extended analysis.

Qualitative Data Analysis

Apart from the statistical analysis, the research also comprised interviews with 15 financial professionals, who were semi-structured as to provide other qualitative point of views.

Using thematic analysis, researchers established consistent themes for patterns in how behavioral biases influence investment outcomes and movements in markets.

Investor Emotions and Market Volatility

Table 4: Themes from Interview Data – Emotional Impact

Theme Frequency Sample Quote

Emotional Investing 13 "Clients panic sell during dips even when the fundamentals are solid."

Overreaction to News 11 "Most retail investors chase headlines, not value."
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Qualitative feedback indicates that emotional investing is the theme that is most mentioned, put forth by 13 out of the 15 financial experts surveyed. This shows that

investors are usually guided by feelings when deciding on changes in market, most often when the market is weak. What is more, overreaction to news was witnessed on 11

occasions, and this means that retail investors tend to follow the media sentiment in their investment deliberations, instead of looking at solid fundamentals. Such emotional

inclinations raise the probability of taking hasty, emotional trades, which can amplify overall volatility in the market and confirm the results of quantitative analysis of the quality

of decision making.

Figure 4: Emotional Impact on Decisions – Thematic Frequency Chart

Cognitive Shortcuts and Advice Misalignment

Table 5: Heuristics and Investor Behavior Observations

Theme Frequency Quote

Anchoring to Purchase Price 10 "Investors hold because they want the price to return to what they paid."

Confirmation Bias 9 "They look for information that supports their assumptions, even if it's wrong."

Table 5 highlights two prominent heuristics observed by financial professionals. Anchoring to purchase price was the most cited (10 mentions), indicating that many investors

fixate on their entry price and are reluctant to sell at a loss, even when it is strategically justified. Confirmation bias, reported by 9 professionals, reflects the tendency of

investors to selectively seek information that reinforces their existing beliefs. Both heuristics impair objective decision-making and can lead to missed opportunities or prolonged

exposure to under-performing assets.
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Figure 5: Distribution of Observed Cognitive Heuristics Among Clients

Strategies for Bias Mitigation

Table 6: Professional Recommendations for Behavioral Bias Reduction

Strategy Suggested by (n)

Education on Cognitive Bias 12

Use of Robo-Advisors 9

Pre-Commitment Techniques 8

As depicted in Table 6, the overwhelming majority of professionals (12 out of 15) recommend education on the concept of cognitive bias, indicating the key role of awareness in

cognitive biases in rationalizing irrational investing behaviors. Of the 15 respondents, nine were in favor of robo-advisors to promote consistent rule-based investment habits

whereas eight of the respondents valued how pre-commitment techniques like preset allocations contributed to the achievement of sustainable investment routines. Such

strategies show a progressive approach of increasing the investor results with the assistance of biases overcoming by education and behavior.

Figure 6: Preferred Mitigation Techniques by Financial Advisors
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Discussion

Investigation looked at the role played by psychological biases such as overconfidence, anchoring, loss aversion, and herd behavior in affecting investment decisions and its

consequent effect on market efficiency. The combination of quantitative and qualitative evidence shows how psychological forces substantially impact financial behavior and

further develops current behavioral finance theories with new relevant considerations.

The findings from the regressions indicate that overconfident investors are less likely to make high quality investment choices. This supports the early results by Barber

and Odean (2001) who show that overconfident investors are liable to excessive trading, which often leads to underwhelming returns because of improper risk perception.

Although correct over the last couple of years, Mahmood and Batool’s (2023) recent findings indicate that male and younger investors in the emerging markets continue to

experience overconfidence as a leading reason for irrational trading. These results reflect our view because it shows that moderate overconfidence leads investors to make errors

and fail to judge.

The influence of herd behaviour was discovered to have a detrimental effect on the quality of investment in a statistically significant way. People under the spell of social

proof often turn to market-based approaches without analysis, which adds to market fluctuations and incorrect securities valuations, as seen with situations such as GameStop

short squeeze. This is consistent with the findings of Afzal, Latif and Iqbal, (2024) who established that herd approaches to Southeast Asian markets increase short term

anomalies such as momentum and reversal. The findings of Bikhchandani and Sharma (2001) highlight the destabilizing effect of herding in financial markets and our analysis

shows such behavior continues to prevail during.

Although our results fail to report standard levels of statistical significance, they imply that anchoring has a near-significant effect, as its beta coefficient and t-value

suggest. Ranking high on such an investment decision, the majority of interviews revealed that most interviewees relied on purchase prices as an important anchor. This follows

similar principles advanced by Tversky and Kahneman (1974) on heuristics, and supported by Itzkowitz et al.’s (2023), whereby heuristics can distort the valuation judgment of

retail investors who rely on apps. Our findings are in line with the results of Fernandes and Abreu (2022), meaning that anchoring prevails in the underperforming stocks which

become a source of prolonged investor inertia.

Remarkably, even though loss aversion did not achieve statistical significance, it did have a positive coefficient in our data. As opposed to Odean’s (1998) previous study,

which highlighted loss aversion as an underlying motive of the disposition effect, our results are not. But, recent findings have shed lighter on not a direct picture. Those

questioning the effectiveness of moderate loss aversion as a buffer, do so primarily based on the basis of Benartzi and Thaler (2023) where there is evidence to show how

moderate loss aversion can act as a buffer, and encourage investors to be more prudent during a period of market turbulence. Our data also conform to this emerging awareness,

suggesting that the investor aversion to risk translates to more conservative choices over longer times.

In terms of quality, emotional investing and overreactions by media were crises that financial experts unanimously pointed out. This corresponds with work by Khan and

Qureshi (2023), who observed that emotional biases towards the end heighten in volatile periods and are important in causing sell-offs of assets. One of the notable aspects of our

study demonstrates the way mental shortcuts affect authentic investment practices. Our findings show that investors who are still holding on to outdated beliefs tend to use old

prices and confirm old beliefs, a habit seen in most decision makers who are slow to adopt innovative practices. In accordance with previous studies by Czerwonka (2023), our

study also confirms that investment adaptability to changing information is seriously impaired by cognitive dissonance and anchoring. Although behavioral inertia is easily

dismissed by models like the EMH, it is critical in explaining the observed market anomalies during live trading periods.

Our findings have fruitful consequences for practice. In comparison with earlier behavioral finance research, our work has several advantages. According to our study,

otherwise, finance experts mostly welcomed the introduction of investor education, pre-commitment strategies, as well as automated advisory providers in order to mitigate the

impact of behavioral biases. Parallel to the research of Hirshleifer (2022), our participants highlighted the function of decision support systems in controlling the behavioral

biases. In addition, Padmavathy (2024) suggested campaigns whose goal is to create financial literacy act as cognitive vaccines lessening potential to make irrational choices, this

which was validated through testimony from participants.

Unlike earlier studies in the field of behavioral finance, our research uses a hybrid methodological approach blending statistical analysis with contributions from both

industry professionals. Contrary to much of the preceding scholarly work by scholars such as Shefrin and Statman (1985), that was based onFinally, this study validates the

importance of investor psychology in establishing market trends as well as advancing the theory of behavioral finance with immediate qualitative views and current regional

thoughts. Behavioral biases are not practiced in their own; and they are not always negative. To the contrary, their effect depends on the environment and market dynamics and is
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conditioned by investors’ experience and their mental frameworks. As the markets and the demographics of market players continue to keep on changing, the science of

behavioral finance becomes all the more critical – giving rise to practical strategies that foster wise investments and maintain market stability.

Recommendations

Based on the research carried out, there exist a number of effective measures that can be used to reduce the destructive impact of the behavior biases on investment decisions. The

first step should be a scaling up of investor education initiatives by financial institutions and regulators so as to educate investors regarding cognitive biases such as

overconfidence, loss aversion, anchoring, and herd behavior. This could help investors understand the forces driving these biases which will create a calmer investment

environment. Robo-advisory platforms, which are based on automated rule based approaches are a vital tool to reduce the effect of emotional and impulse based choices on retail

investors. It is what financial advisors should push for in the techniques such as automatic rebalancing and exit strategies, as clients should hold to their long term plans despite

the market fluctuations. Regulators and financial educators must also design customized behavioral measures that address distinct demographic profiles such as age, gender, way

of investment etc which are the identified moderating aspects of the biases. In the end, making financial planners take a course in behavioral finance as a prerequisite to obtaining

certification can be a utility-maximizing measure to allow planners to be more aware and be able to help clients avoid the traps that cognitive bias points introduce.

Conclusion

This investigation determines behavioral biases as key factors underlying both the stock market investment decisions and their anomalies emergence. Measurement results

showed that overconfidence and herd behavior significantly impair investment judgment, while anchoring and loss aversion make contributions meaningfully but in a less

conspicuous manner. Support for these findings was further complemented by qualitative discussions with financial experts explaining how emotions, media-induced panic and

mental biases tend to continually distort rational investment decisions. The results confirm previous research and offer new empirical facts based on the actual investor behavior

and expert opinion. This work highlights the present behavioral finance concept that in a fluctuating or unstable environment, emotion drivers and biases dominate rational

deliberation, contrary to the economic models’ assumptions of rational markets and decision-makers. With education, technology, and robust plan application, stakeholders can

promote disciplined histograms of investment practices and ultimately support a more robustly stable and efficient market. As more research unfolds, more studies are required to

understand how future behavioral tendencies in finance can be affected by cultural, generational and technological turns.

References

Afzal, M., Latif, R., & Iqbal, J. (2024). Investor sentiment and stock market anomalies in Southeast Asia. Journal of Behavioral Finance, 25(1), 12–25.

Barber, B. M., & Odean, T. (2001). Boys will be boys: Gender, overconfidence, and common stock investment. Quarterly Journal of Economics, 116(1), 261–292.

https://doi.org/10.1162/003355301556400

Benartzi, S., & Thaler, R. H. (2023). Myopic loss aversion and retirement investing. American Economic Review, 113(2), 134–150. https://doi.org/10.1257/aer.113.2.134

Bikhchandani, S., & Sharma, S. (2001). Herd behavior in financial markets. IMF Staff Papers, 47(3), 279–310. https://doi.org/10.2139/ssrn.864145

Czerwonka, M. (2023). Behavioral biases and investment decisions: Cross-cultural implications. International Journal of Management and Economics, 59(4), 412–429.

https://doi.org/10.2478/ijme-2023-0020

Fernandes, D., & Abreu, M. (2022). Anchoring bias in the stock market: Experimental evidence. Applied Economics Letters, 29(15), 1312–1317.

https://doi.org/10.1080/13504851.2021.1949394

Hirshleifer, D. (2022). Behavioral biases and firm value: New perspectives. Annual Review of Financial Economics, 14, 45–70. https://doi.org/10.1146/annurev-financial-

110821-121545

Itzkowitz, J., Itzkowitz, A., & Schwartz, A. (2023). Anchoring in app-based investing. Journal of Behavioral Finance, 24(2), 89–102.

https://doi.org/10.1080/15427560.2022.2160834

Kahneman, D., & Tversky, A. (1979). Prospect theory: An analysis of decision under risk. Econometrica, 47(2), 263–291. https://doi.org/10.2307/1914185

Khan, S., & Qureshi, F. (2023). Emotional investing in volatile markets: Evidence from retail behavior during crises. Finance Research Letters, 52, 103041.

https://doi.org/10.1016/j.frl.2023.103041

Mahmood, S., & Batool, F. (2023). Gender and generational perspectives on overconfidence bias in investment behavior. Pakistan Journal of Social Sciences, 40(1), 55–70.

Odean, T. (1998). Are investors reluctant to realize their losses? The Journal of Finance, 53(5), 1775–1798. https://doi.org/10.1111/0022-1082.00072

https://doi.org/10.1162/003355301556400
https://doi.org/10.1257/aer.113.2.134
https://doi.org/10.2139/ssrn.864145
https://doi.org/10.2478/ijme-2023-0020
https://doi.org/10.1080/13504851.2021.1949394
https://doi.org/10.1146/annurev-financial-110821-121545
https://doi.org/10.1146/annurev-financial-110821-121545
https://doi.org/10.1080/15427560.2022.2160834
https://doi.org/10.2307/1914185
https://doi.org/10.1016/j.frl.2023.103041
https://doi.org/10.1111/0022-1082.00072


Advance Journal of Econometrics and Finance
Vol-3, Issue-2, 2025

67

Padmavathy, M. (2024). Behavioral finance and market irregularities: Evidence from global markets. Shanlax International Journal of Management, 11(1), 191–202.

https://doi.org/10.34293/management.v11i1.7164

Shefrin, H., & Statman, M. (1985). The disposition to sell winners too early and ride losers too long: Theory and evidence. The Journal of Finance, 40(3), 777–790.

https://doi.org/10.1111/j.1540-6261.1985.tb05002.x

Shreevidya, T. S., & Mahadev, N. (2024). Behavioral biases in investment decisions of retail investors. SSRN Electronic Journal. https://ssrn.com/abstract=5033845

Tversky, A., & Kahneman, D. (1974). Judgment under uncertainty: Heuristics and biases. Science, 185(4157), 1124–1131. https://doi.org/10.1126/science.185.4157.1124

Zhang, T., & Yang, X. (2022). Investor attention and post-earnings announcement drift: Evidence from Asian markets. Emerging Markets Finance and Trade, 58(3), 651–670.

https://doi.org/10.1080/1540496X.2021.1987421

https://doi.org/10.34293/management.v11i1.7164
https://doi.org/10.1111/j.1540-6261.1985.tb05002.x
https://ssrn.com/abstract=5033845
https://doi.org/10.1126/science.185.4157.1124
https://doi.org/10.1080/1540496X.2021.1987421

	Results and Analysis
	Quantitative Data Analysis
	Regression Analysis
	Mean Comparison of Behavioral Scores
	Moderation Analysis

	Qualitative Data Analysis
	Investor Emotions and Market Volatility
	Cognitive Shortcuts and Advice Misalignment
	Strategies for Bias Mitigation

	References

